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ABSTRACT

Journalism has two main functions in democracy: news coverage and the formation of public 
opinion. This essay develops a theoretical framework for the role of journalism as an epistem-
ic and evaluative intermediary. This framework can be used to discuss the two-part question: 
how can AI improve the epistemic process of news production, and how can it strengthen the 
evaluative process of public opinion formation? Veristic social epistemology emphasizes the 
role of organized skepticism in the process of truth-seeking. One crucial weakness of AI is that 
it does not meet the necessary condition for collective scrutiny, namely, transparency regard-
ing the process through which it generates truth claims. Consequently, AI can only support the 
human search for truth. Only a few studies have measured the epistemic quality of AI-gener-
ated content and its effects directly and systematically. With regard to public opinion forma-
tion, there is a theoretical gap that can be addressed using normative theories of democracy. 
Values can be derived from these theories, which can serve as yardsticks for democratic opin-
ion formation. Empirical studies also paint a mixed picture. The risks include radicalization 
and confirmation bias. However, generative AI can also improve the quality of deliberation 
and enhance the communication skills of disadvantaged groups. The rapid development of 
AI models requires continuous monitoring and an experimental approach to understand the 
potential uses and limitations of AI in journalism and the democratic public sphere.
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1 News and Commentary as Journalistic Functions 
Journalism has two main functions in democracy: news and commentary, that is, the description 
of current affairs and its evaluation, respectively. As The Guardian editor C. P. Scott’s (1921/2017) 
famous statement goes, “Comment is free, but facts are sacred.” In other words, news should be 
objective, and there can be only one truth. Opinions can be diverse, but they must be well rea-
soned. Both are essential for liberal democracy to function (Christians et al., 2009).

Consequently, the question of how AI is changing journalism must be answered from two 
perspectives: how it is changing the epistemic process of news production and how it is 
changing the evaluative process of public opinion formation. In the theory of communicative 
action, assertions are constative speech acts that claim “epistemic truth,” while evaluations 
are regulative speech acts that claim “normative rightness” (Habermas, 1981, pp. 435 – 436). 
There are established procedures and practices for the genesis of these speech acts and the 
critical examination of their validity claims in public discourse. To be reviewable, they must 
be justified by arguments. Accordingly, knowledge is classically defined as justified true be-
liefs, whereas opinions must be supported by arguments. 

As an epistemic and evaluative intermediary (Bartsch et al., 2025; Neuberger, 2022a; 2025), 
journalism not only produces news and commentaries but also scrutinizes and disseminates 
knowledge and opinions from external sources, including actors from different societal sub-
systems such as politics, economy, or science. It also considers everyday knowledge and com-
mon sense. Therefore, as an intermediary, journalism translates between different forms of 
knowledge as “knowledge broker” (Reich & Lahav, 2021) and conveys the pluralism of values 
in modern society as moderator of the discourse. In doing so, it contributes to social cohesion 
(Deitelhoff & Schmelzle, 2023). Since the breakthrough of generative AI, this raises a crucial 
question: Despite its obvious weaknesses, can AI be used to strengthen journalism’s role as an 
epistemic and evaluative intermediary? Addressing this question necessitates not only empir-
ical research but also theoretical clarifications that are frequently overlooked in the discussion.

2  Neither Intelligent nor Artificial 
First, however, the meaning of “artificial intelligence” must be clarified. Sociologist Elena 
Esposito (2022) proposes a fundamental shift in perspective. According to her, “artificial in-
telligence” is the wrong term for machine-learning algorithms. These algorithms simulate 
communication, not intelligence. Furthermore, their results are not purely artificially gener-
ated but based on natural (human) communication: “Machine learning algorithms that use 
big data … are artificially reproducing not intelligence but communication skills, and they do 
so by parasitically exploiting the participation of users on the web” (Esposito, 2022, pp. 2–3; 
see also Gunkel, 2012, pp. 2–10). 
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For communication to be informative, it must be new. According to Niklas Luhmann (1996, 
p. 46), the special function of mass media is the generation and processing of irritation (see
also Schoenbach, 2007). However, this element of surprise must be relevant and appropriate
to human observers who understand the synthetic outputs as communicative contributions
and make sense of them. This was the case with Joseph Weizenbaum’s chatbot ELIZA, whose
responses as a virtual therapist were rated as relevant and helpful by its human interaction
partners (Esposito, 2024, pp. 33–35). Therefore, “What algorithms are reproducing is not the
intelligence of people but the informativity of communication” (Esposito, 2022, p. 18). Unlike
search engine algorithms, which only provide access to human-generated content, large lan-
guage models (LLMs) can generate communication content (Esposito, 2026, pp. 87–89). They
learn to communicate appropriately based on their training data, which consists of large vol-
umes of human examples.

The opacity of AI’s internal processes, its “black box” nature, is no different from that of hu-
man communication. Humans usually lack transparency about the cognitive processes of 
their communication partners (and even their own), simply because we cannot read each 
other’s minds (Koskinen, 2024, p. 460). However, this is not considered a disadvantage: “On 
the contrary, this lack of transparency allows for otherwise unthinkable degrees of freedom 
and abstraction” (Esposito, 2022, p. XI). Nonetheless, a significant difference remains in the 
transparency of internal cognitive and computational processes. The results of cognitive pro-
cesses are evaluated as communicated claims in a collective process that takes place publicly 
and follows shared practices to uncover errors and biases. In such discourses, individual per-
spectives are presented and supported by arguments that are either confirmed or rejected 
(Koskinen, 2024, pp. 460–461, 471–472). 

Conversely, AI does not provide such disclosure or justify its results. Instead, it produces a 
“computational epistemology,” where “truth becomes a probabilistic function rather than a 
deliberative outcome. The result is a new epistemic logic—one that prioritizes predictive per-
formance over interpretive depth, and algorithmic consistency over reflective justification” 
(Shin, 2025, p. 1554). In the case of generative AI, the public sphere, as a space in which claims 
are validated through a deliberative process of rational and critical clarification (Habermas, 
2006, p. 413), faces a fundamental challenge because the generation of AI output is largely 
opaque and, therefore, cannot be justified through argumentation. 

Viewing AI as communication fundamentally shifts the focus of analysis. The question of 
whether intelligence, consciousness, and the human brain are replicable (Somers, 2025) is no 
longer of high relevance. Instead, the question is whether AI can communicate appropriately. 
There are many different types of communication (Neuberger, 2009, pp. 22–26): one-way and 
two-way, single-channel and multi-channel (e.g., text, image, audio), one-to-one (i.e., indi-
vidual communication), one-to-many (i.e., mass communication), and many-to-many com-
munication (communities). Further distinctions can be drawn based on modes of interaction 
(e.g., conflict, competition, cooperation, diffusion and scandal; Neuberger, 2022b), degrees 
of accessibility (i.e., private or public), and sub-systemic contexts (e.g., politics, economy, art, 
and sports). Communication participants can be categorized based on their roles (source, 
audience, intermediary) and goals (e.g., to inform, persuade, or entertain). 
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Analyzing general-purpose AI like ChatGPT (OpenAI) and Gemini (Google) requires a theory 
of the whole society to capture the full range of their potential uses across different contexts 
and constellations of communication. Therefore, AI should be viewed as a groundbreaking 
sociotechnological institution expected to transform society in the same way as earlier insti-
tutions of information-processing and decision-making did such as the printing press, de-
mocracy, bureaucracy, and market (Farrell et al., 2025; Harari, 2024).

Journalism provides a particularly revealing case because it mediates public communication 
across society as a whole (Neuberger, 2022a; 2025). With the digital transformation, journal-
ism is no longer limited to one-way, one-to-many communication, as is the case with tradi-
tional mass media; it now also involves interactive (two-way) communication with varying 
numbers of participants. The remainder of this essay investigates the following question: can 
AI improve news coverage and the formation of public opinion in journalism?

3 Can AI Improve News Coverage?
The topic of objectivity in journalism is widely debated (Neuberger, 2017): is journalism able to 
report the truth about current events? In epistemology, a veristic position takes a middle ground 
between extreme skepticism (relativism, constructivism), which denies the possibility of access 
to reality, and naïve (everyday) realism, which is certain of the attainability of truth. Veristic so-
cial epistemology does not assume that absolute certainty about knowledge is attainable and 
instead emphasizes the role of organized skepticism and collective scrutiny. This weaker un-
derstanding of truth as true belief (Goldman, 2019, p. 5) requires a justification with “good” rea-
sons and accepts evidence, at least provisionally (Boghossian, 2006, pp. 10–16; Lynch, 2012, pp. 
1–6). Consequently, knowledge claims must be justified and are always open to scrutiny. Justifi-
cation relies on the proper handling of the epistemic process based on shared practices. 

In journalism, epistemic practices (e.g., Kovach & Rosenstiel, 2007) can be systematized ac-
cording to the phases of the news process: investigation, generation, verification, dissemi-
nation, adaptation, discussion, and the correction of mistakes (Neuberger, 2017, pp. 418–419; 
Neuberger et al., 2023, p. 186). Investigation should use reliable sources and a diversity of 
perspectives. Factual claims in the news should be verified before publication through 
cross-checking with a second independent source (Godler & Reich, 2017). News outlets should 
be transparent about their sources and the methods they apply to conduct investigations 
and verifications. Journalists should inform their audience about what they know for certain, 
what they do not yet know, and what they are unsure about. However, the news process does 
not end with publication. Journalists should also facilitate the critical review of their claims 
by their audience and correct them retroactively if necessary. Journalists are also increasing-
ly expected to fact-check what others have published and debunk misinformation. 
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Does generative AI meet these requirements of a transparent and critical epistemic dis-
course? AI’s epistemic weaknesses are many, from unintended (hallucinations and logical 
fallacies; Cau et al., 2025) to intended distortions of truth (deepfakes, use for disinformation, 
and fake-bots; von Sikorski & Hameleers, 2025; Simon et al., 2023; on the possible misuses 
of AI, see Marchal et al., 2024). According to Coeckelbergh (2025, pp. 4–10), these could have 
far-reaching implications for society: AI-generated misinformation creates a climate of epis-
temic uncertainty, fosters polarization and epistemic bubbles, and enhances the prominence 
of ignorance and relativism as epistemic attitudes. In addition, in the long run, it leads to epis-
temic incest, “a situation in which over time the LLM only interacts with its own input data and 
output texts” (Coeckelbergh, 2025, p. 7). Using synthetic data rather than authentic data for 
machine learning, a process known as “AI autophagy” (Xing et al., 2025), can result in model 
collapse (see also Crawford, 2025, p. 3; Gillman et al., 2024; Wachter et al., 2024, pp. 12–13). 

In modern cultures referring to an open future, instead, this circularity results in 
feedback loops and a serious inability to learn. Algorithms see the reality that results 
from their intervention and do not learn from what they cannot see because it has 
been canceled by the consequences of their work. The use of algorithms produces a 
second-order blindness. (Esposito, 2022, p. 100)

This conservatism and loss of touch with reality impedes democratic learning in public dis-
course, which requires updated knowledge and fresh ideas (Coeckelbergh, 2025, p. 9), especial-
ly in the case of journalism, which reports on current events. In addition to misleading content, 
Simon (2026) identifies three other types of deception associated with generative AI: deception 
regarding the ontological status of the communication partner (i.e., human or machine), the 
capacities of AI (attributing human characteristics such as intelligence and empathy to AI), and 
the function of AI (claiming that it retrieves existing texts instead of generating new ones). 

Despite these epistemological pitfalls, generative AI takes the appearance of the perfect 
truth-telling machine: “AI falsely gives us the illusion of epistemic certainty and complete-
ness, leaving out the ambiguities and knowledge gaps that are inherent in the political life” 
(Coeckelbergh, 2025, p. 10). Synthetic messages are “presented with an aura of objectivity, yet 
these outputs are deeply shaped by design decisions, training datasets, annotation protocols, 
and embedded assumptions” (Shin, 2025, p. 1557). 

The main weakness of generative AI is that it does not meet the necessary condition for its 
truthfulness to be examined discursively, namely, transparency regarding the process by which 
it generates truth claims. In other words, it is opaque and lacks explainability and assessability 
(Jungherr & Schroeder, 2023, p. 4). As a result, AI can only serve as a support for human deci-
sion-making. It can develop alternative hypotheses as “epistemic nudges” (Hirmiz, 2024, p. 12), 
for example, in medical diagnosis and treatment, but these require final human examination. 
Accordingly, codes of ethics in journalism emphasize human oversight of AI use and transpar-
ency towards the audience (Becker et al., 2025, pp. 1588–1589). Due to the opacity of AI, journal-
ism is primarily viewed within the professional metadiscourse as an “AI-assisted intermediary” 
(Perreault & Ohme, 2025, p. 1916). The results of newsroom studies confirm the cautious adop-
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tion of AI in journalism (e.g., Ashuri et al., 2026). Xu et al. (2026) are going a step further and 
suggest a paradigm shift of AI models toward “scaffolded cognitive friction” to preserve human 
epistemic sovereignty and critical thinking. In the same vein, Harari (2024, p. 300) calls “to train 
computers to be aware of their own fallibility” and to “learn to doubt themselves”.

The crucial question now is how generative AI can support epistemic work and “contribute to 
the strengthening of professional news and information curation” (Jungherr, 2023, p. 6). Em-
pirical analysis illustrates the benefits and pitfalls of using AI in news production processes 
(see reviews by Chalikiopoulou et al., 2025; Opdahl et al., 2023). Many empirical studies are 
based on journalists’ reports of their experiences with AI (e.g., Cools & Diakopoulos, 2024) or on 
tool testing in collaboration with researchers (e.g., Fridman et al., 2025; Gutiérrez-Caneda et al., 
2023). These studies demonstrate the variety of epistemically significant applications of gen-
erative AI in journalism, for research, fact-checking (for an overview on fake news detection 
techniques, see Emil & Remus, 2025), data analysis, and news writing. Other studies assess the 
quality of AI-generated news from the user’s perspective (e.g., Graefe & Bohlken, 2020; Nah et 
al., 2024) or examine audience trust and other attitudes (e.g., Ross Arguedas, 2024). 

Nevertheless, only a few studies have measured the epistemic quality of AI or its effects di-
rectly and systematically. Kuznetsova et al. (2025) showed that generative AI (ChatGPT, Bing 
Chat) can correctly verify political information on five topics in most cases. ChatGPT was able to 
identify true, false, and borderline statements in 72% of cases, while Bing Chat achieved a 67% 
rate. The transparency of sources is essential for verifying truth claims. In this regard, Petroni 
et al. (2023) developed and evaluated a neural network-based system for Wikipedia that sug-
gests more suitable sources of evidence for Wikipedia articles. Furthermore, studies exploring 
knowledge effects of generative AI are rare. A meta-analysis of experimental studies shows 
that AI-generated texts are increasingly perceived as credible and accurate, whereas visual 
representations (deepfakes) tend to be viewed with greater skepticism over time (Herasimen-
ka et al., 2026). Costello et al. (2025) conducted experiments to test the (de)bunking effect of 
LLMs on conspiracy beliefs and achieved mixed results: LLMs can both increase and decrease 
conspiracy beliefs. The bunking condition was even more informative, collaborative, and trust-
worthy than the debunking condition (Costello et al., 2025, p. 6). However, one result gives hope: 

A simple intervention (telling the AI to only use accurate and truthful information) sub-
stantially diminished the AI’s persuasive abilities for bunking, largely through increasing 
non-compliance where the AI debunked even though it was asked to bunk. Conversely, 
the truth constraint did not diminish the efficacy of debunking. (Costello et al., 2025, p. 12) 

To sum up, based on the current state of research, it is still difficult to say how generative AI 
can effectively improve news coverage and epistemic discourses on contentious topics like 
climate change (Schäfer et al., 2026). The rapid pace at which new AI models are developed 
makes optimizing their use in journalism and predicting their consequences even more dif-
ficult. The long-term structural effects of AI must be taken into account, such as its impact on 
the established knowledge order and epistemic authority (Bartsch et al., 2025; Neuberger et 
al., 2023), and the possible loss of collective memory (Wachter et al., 2024, p. 11).
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4 Can AI Improve Public Opinion Formation?
Journalism plays a dual role in public opinion formation. On the one hand, it acts as a mod-
erator of public discourse, organizing and guiding interactions between discussants. On the 
other hand, it participates in this discourse as a commentator. Moderating public discourse 
requires neutrality towards individual opinions. Thus, the media should present the diversity 
of opinions on a given issue in an unbiased and balanced manner. Additionally, journalists 
should moderate the public discourse based on deliberative criteria such as inclusiveness, 
responsiveness, justification, and civility (Wessler, 2018, pp. 86–88). At the same time, jour-
nalists are expected to express their own opinions. In doing so, journalistic commentators 
should carefully consider arguments from all sides and explain why one opinion is supported 
by stronger arguments than others.

Does generative AI meet these democratic requirements for public opinion formation? This 
is an important question given the increasing use of AI in election campaigns (e.g., Jungherr 
et al., 2026). Campolo and Schwerzmann (2023) diagnose an “artificial naturalism” in ma-
chine learning because norms are not formalized and prescribed as rules but emerge implic-
itly from examples in training data: 

In processing these examples, machine learning models produce representations, 
which express regularities found in the data and seem to naturally emerge from it. 
These representations then become normative in a more traditional sense when 
they influence our behavior. The “ought” of examples turns into the “is” of the repre-
sentations, and, in a further twist, these representations become normative (“ought”) 
again when the algorithmic outputs are used to make and legitimate predictions and 
classifications that regulate our conduct. (Campolo & Schwerzmann, 2023, p. 2) 

This implicit, individualized, and dynamic normation of human action by AI undermines the “lib-
eral, rule-based form of political subjectivity” and “the common ground necessary for collective 
agency and struggle” (Campolo & Schwerzmann, 2023, p. 11). Similarly, Miragoli (2025, p. 527) crit-
icizes the conformism of machine learning “as instantiating a tendency to value or endorse atti-
tudes and behaviours that are commonly accepted simply because they are commonly accepted”. 
In doing so, they “lean toward averages” (Jungherr 2023, p. 5), limiting the diversity of opinions 
and ignoring minority viewpoints. As they rely on historical data, these systems are also “inher-
ently conservative” and risk “perpetuating past injustices” (Jungherr & Schroeder 2023, p. 5). 

Besides such technical distortion, several practices allow human actors to manipulate the 
process of public opinion formation, including “impersonating public figures, using synthetic 
digital personas to simulate grassroots support for or against a cause (‘astroturfing’) and cre-
ating falsified media” (Marchal et al., 2024, p. 12). These practices are often employed by so-
called “entrepreneurs of polarization” (Mau et al., 2026, pp. 216–219) in the context of political-
ly divisive issues. Additionally, the capacity of generative AI to promote a particular worldview 
has been debated. For example, it has been suggested that Grok (SpaceX AI) is less “woke” than 
other AIs. However, this was not confirmed in a comparative test of five models (Rayner, 2025).
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“Bias” is the umbrella term used to describe all forms of distorted and unjustified decisions 
made by AI systems that are subject to criticism. It is broadly defined as “the inclination or 
prejudice of a decision made by an AI system which is for or against one person or group, 
especially in a way considered to be unfair” (Ntoutsi et al., 2019, p. 3). According to a com-
putational literature review, “multiple meanings and treatments of bias coexist without an 
overarching framework and understanding dominating” (Jarrahi et al., 2026, p. 14). Others 
confirm that theoretical reflection is lacking. In particular, the discussion on AI and democ-
racy “largely takes place at a very general and atheoretical level” (Karppinen et al., 2025, p. 44; 
see also Helberger et al., 2022, p. 1609). 

This theoretical gap can be addressed using normative theories of democracy to clarify ex-
pectations placed on the public sphere (Martinsen, 2009) and journalism (Christians et al., 
2009). These theories partly overlap but also set different priorities and may even contradict 
each other on specific points. According to liberal theory (Christians et al., 2009, pp. 96–101; 
Ferree et al., 2002, pp. 290–295; Helberger, 2019, pp. 998–1001), not everyone needs to be able 
to publicly express their opinion; it is sufficient if representatives of groups articulate the 
diversity of opinions proportionally. Further, the validation of positions in public discourse is 
not required. In cases of irreconcilable conflicts of interest, a compromise is a sufficient out-
come. Liberal theory thus trusts the self-correcting nature of the “free market of ideas” and 
places individual (negative) freedom at the center. Accordingly, the state should not intervene 
to regulate the media, and criticism and control of the state (by “watchdogs”) are necessary to 
prevent abuses of power. The privacy of individuals must be protected against state interfer-
ence, but democracy itself should also be defended against its enemies. Meanwhile, deliber-
ative theory (Christians et al., 2009, pp. 101–103; Ferree et al., 2002, pp. 300–306; Helberger, 
2019, pp. 1004–1007) makes greater demands on the discourse process than other theories. 
Based on inclusive, responsive, reasoned, and civil exchanges of arguments and counterar-
guments, consensus must be achieved through coercion-free persuasion (Wessler, 2018, pp. 
86–88). Along these lines, participatory theory (Christians et al., 2009, pp. 103–105; Ferree et 
al., 2002, pp. 295–299; Helberger, 2019, pp. 1002–1004) argues that citizens should participate 
in political discourse and be empowered regardless of the quality of their contributions. All 
citizens should be able to express themselves authentically, narratively, and emotionally. 

Taken together, nine democratic values can be derived from these normative theories of 
democracy: freedom, equality, diversity, integration, knowledge quality (see above), discur-
sive quality, the distribution of opinion power, critique and control, and security (Neuberger, 
2022c; 2024). Tensions (trade-offs) exists between these values as concerns their realization. 
Furthermore, there are differing views on their meaning and application, which must be 
clarified within the democratic discourse itself. Nevertheless, these values can serve as yard-
sticks for both the validity claim of “normative rightness” and the conditions of democratic 
discourse itself, which demands “value-sensitive designs” (Helbing et al., 2023, p. 3; see also 
Coeckelbergh, 2024, pp. 70–119), for instance, in the case of news recommenders (Helberger, 
2019, pp. 1007–1009). 
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Within this normative framework, which AI applications are detrimental or conducive to pub-
lic opinion formation? Empirical evidence is still insufficient to answer this question defin-
itively. The risks associated with generative AI and opinion formation include radicalization 
and confirmation bias, known as “sycophancy”. Dukić et al. (2026) show that conversations with 
AI chatbots can lead to cumulative radicalization. Whether this occurs depends mainly on the 
model and is less influenced by user prompts. Only Claude (Anthropic) consistently de-escalat-
ed the conversation. Nogueira et al. (2026) tested 13 large language models in five-turn conver-
sations through asking for its opinion (direct probing) or engaging them in an argumentative 
debate (indirect probing) on different topics. A sycophantic drift, i.e. the trajectory of models 
moving in the direction of user’s opinion, could be observed in 44% of conversations. Agree-
ment and disagreement of AI depended on the distinct model and experimental design. In 
another experiment comparing 11 models (Cheng et al., 2026), AI affirmed users’ actions 49% 
more often than humans, on average, even in cases of deception, illegality, and other forms of 
harm. AI confirmation increased users’ conviction that they were right.

However, generative AI can also improve the quality of deliberation (as a research overview, 
see Friess et al., 2025) and enhance the communication skills of disadvantaged groups. Ar-
gyle et al. (2023) demonstrated in an experiment that an AI chat assistant can help a user 
formulate discussion contributions through politeness, restatement (i.e., repetition to signal 
understanding), and validation (as confirmation that the other position is legitimate). Partic-
ipants in the study stated that the quality of the discussion on gun regulation in the United 
States had improved as a result of using AI. Other research suggests that LLM-powered chat-
bots can enhance news diversity (Heitz et al., 2022), adapt responses to different audiences 
on issues such as climate change and Black Lives Matter (Chen et al., 2022), and present com-
pelling arguments on political matters (Palmer & Spirling, 2023). Furthermore, AI can help 
moderate uncivil user comments (Stockinger et al., 2023). A full agenda on the democratic 
quality of AI should encompass all values derived from normative theories of democracy. 

5 Conclusion
This essay discussed the question of whether AI can enhance journalism from two angles, 
corresponding to the two democratic functions of journalism: news coverage and public 
opinion formation. To answer this question, a theoretical framework was developed that pro-
vides quality benchmarks for AI applications and its empirical assessment. To this end, val-
ues were derived from normative theories of democracy. These define the appropriate con-
ditions for news production and public discourse. To date, only few empirical studies have 
demonstrated how the use of AI can strengthen the democratic functions of journalism. In-
stead, research has primarily focused on potential applications and subjective assessments 
of the advantages and disadvantages of AI from the perspectives of journalists and audienc-
es. Meanwhile, hard empirical evidence of the epistemic and evaluative quality of AI output, 
its effect on audiences’ political knowledge and attitudes on the micro level, and its impact 
on public discourse at the macro level is still lacking. However, such studies are essential to 
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the adaptation of AI in journalism. Their findings could provide editorial teams with valu-
able feedback. The rapid development of AI models requires continuous monitoring and an 
experimental approach to understand the potential uses and limitations of AI in journal-
ism and the democratic public sphere. Innovation labs (García-Avilés, 2024) and pioneering 
communities (Hepp & Loosen, 2021), such as the “AI for Media Network” (https://aiformedia.
network/en/), are testing grounds for AI-enhanced journalism.
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