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ABSTRACT

This study explores the thematic landscape of depression, anxiety, and gener-
al mental health communities on Reddit, examining how users seek support
within these online health communities (OHCs). Grounded in community the-
ory, which frames OHCs as spaces for connection, shared identity, and collec-
tive learning (Wenger-Trayner & Wenger-Trayner, 2015), this research iden-
tifies unique and overlapping themes across 16 subreddits. The results show
that all three communities address four main thematic categories (everyday
life, dealing with the disease, diagnosis, and therapy) and prioritize emotional
support over medical information-seeking. However, each community has a
distinct focus: depression discussions revolve around negative self-reflection,
anxiety communities emphasize active coping and stress relief, and broader
mental health communities address diverse topics, including trauma. By high-
lighting OHCs’ dual role in providing emotional and informational support,
this study advances health communication science, underscoring the therapeu-
tic value of online spaces in reducing isolation and offering alternative support
networks. Future research should examine interaction dynamics to improve
the understanding of how OHCs contribute to positive coping strategies.
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1 Introduction

Depression and anxiety are the world’s most common mental health disorders,
with approximately 280 million people suffering from the former (WHO, 2023)
and 301 million living with an anxiety disorder (WHO, 2022). Despite their
high prevalence, mental health issues are still widely stigmatized, both socially
and institutionally, which restricts access to professional treatment for many
(Iavarone & Monreale, 2021; Lu et al., 2021). Consequently, many individuals
seek alternative sources of support, such as online health communities (OHCs).
OHC:s are accessible spaces where people can share their experiences and
receive emotional and informational support beyond geographical limitations
(Park & Conway, 2017). As such, they offer an essential outlet for individuals
who face barriers to accessing traditional mental health resources (Sik, 2021).

Communities are traditionally defined as groups of individuals who share a
common interest or passion and engage in ongoing collective learning to im-
prove their skills and knowledge through regular interaction (Wenger-Trayner &
Wenger-Trayner, 2015). Although research on communities is grounded in the
analysis of offline communities (Jason et al., 2019; Sarason, 1974), online com-
munities, including OHCs, are currently gaining importance. Because of easy
accessibility and the perceived anonymity of the platform, users turn to social
media platforms like Reddit, where they expect the stigma around mental health
topics to be lower (Andy, 2021). This paper draws on McMillan and Chavis’s
(1986) theory of sense of community, which roots communities in four key as-
pects — membership, influence, integration and fulfillment, and shared emotion-
al connection — and examines whether these aspects of traditional communities
can be transferred onto online health communities. While previous research has
underlined the importance of these communities, most studies have analyzed a
limited selection of forums and often neglect the interactions between anxiety
and depression as comorbid diseases (Biester et al., 2021). By combining latent
Dirichlet allocation (LDA) topic modeling and a grounded theory methodology
(GTM), the study aims to (1) examine the themes prevalent in online mental
health communities and (2) explore how discussions differ between communi-
ties focused on depression and anxiety, taking the conditions’ comorbidity into
account. By analyzing these OHCs on a platform like Reddit, the paper inves-
tigates the unique and shared challenges faced by individuals with these condi-
tions and contributes to a better understanding of mental health discourse online
and the role of communities in the online space.
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This study contributes to the analysis of online communities by applying

the theory of sense of community (McMillan & Chavis, 1986) to an online
context and providing a clear framework for interpreting how users discuss
various aspects of mental illness and support-seeking in online health com-
munities. It underscores Reddit’s role as an accessible social media platform
for seeking mental health advice, aiming to bridge the gap between academic
findings and practical mental health interventions. Furthermore, the analysis
includes a broader range of forums dedicated to mental health and considers
the comorbidity of depression and anxiety, thus expanding current research on
OHC:s. The blended approach of LDA topic modeling and GTM combines a
systematic, data-driven approach with an iterative, in-depth exploration of us-
er-generated content (Nelson, 2020) for a thorough and multifaceted perspec-
tive on the data. This research aims to deepen the understanding of individu-
als’ motivations for using OHCs and illuminate the social realities and unique
needs of those who deal with mental health challenges, which may not be
apparent or accessible offline. The paper will first situate OHCs in community
theory and online support networks then explain the dual approach of topic
modeling and GTM before laying out the results and establishing a framework
of OHCs for mental health.

2 Online Health Communities

Communities offer a unique social environment for their members, which in-
tertwines the individual’s perspective with those of other community members
and society. Sharing experiences with others can affect a person’s behavior
and attitudes, such as coping with a mental illness, and improve interpersonal
skills (Jason et al., 2019).

McMillan and Chavis’s theory of sense of community (1986) identifies four
key aspects of communities: membership, influence, integration and fulfill-
ment, and shared emotional connection. Membership sets clear boundaries of
who belongs to a specific group (Jimenez et al., 2019). Community members
identify with other members, which leads to a shared sense of belonging and
intimacy (McMillan & Chavis, 1986). Influence refers to a member’s ability
to impact the community and experience validation from other members by
being accepted as an equal in the community (McMillan & Chavis, 1986).
Through the integrated fulfillment of needs, community members feel strong-
ly connected to their network thanks to shared values, needs, and resources
(Jimenez et al., 2019). This fulfillment is, for example, achieved via the rein-
forcement of shared values, positive group association, or competent feedback
and resources (McMillan & Chavis, 1986). Lastly, members of a community
share an emotional connection based on shared experiences and identification
with narratives (McMillan & Chavis, 1986). A strong emotional connection
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allows members to invest personally in the community, for example, by shar-
ing intimate stories that may involve interpersonal emotional risk (McMillan
& Chavis, 1986). Research confirms that emotional connection increases with
frequent interaction, more positive experiences, resolving issues in the com-
munity, and celebrating community members or participating in community
rituals (Jimenez et al., 2019).

As aspects of people’s everyday lives continue to move to the online sphere,
communities no longer require face-to-face interactions, and online communi-
ties gain importance (Adams, 2022). This form of online support differs from
the real world because social media offers ways for individuals to connect
across temporal and spatial boundaries and share experiences, needs, and ideas
that they might not feel comfortable sharing in real life (Sweet et al., 2019;
Ziebland & Wyke, 2012). Online health communities are gaining immense
popularity among individuals confronted with medical and healthcare issues,
including mental health topics (Andy, 2021; Tang et al., 2021). By turning to
an online community with peers who faced the same or a similar condition,
individuals become members of a community with which they can identify, as
suggested by McMillan and Chavis (1986). Because mental health topics often
involve sensitive and traumatic contexts, online communities create a “safe
space” for sharing experiences and asking for advice (Shaw, 2020). Observing
how other people share their stories affects individuals’ sharing behaviors as
they feel more comfortable speaking about their own experiences, creating an
emotional connection, and enriching the vocabulary of their narrative (Zieb-
land & Wyke, 2012). As in traditional communities, users feel more comfort-
able sharing in a community of peers familiar with a specific condition; the
community can function as an online support network, addressing common
needs and sharing valued resources (Andy & Andy, 2021). According to the
theory of sense of community, members can make sense of their disorder by
either creating their own narrative within the community (Ziebland & Wyke,
2012) or recognizing themselves in the narratives of persons with similar
concerns (Chung, 2014). Participating in OHCs enables people to engage with
like-minded others who share the same values and needs, validate each other
through their shared narratives, and create an emotional connection, eventu-
ally leading to empowerment, collective well-being, greater autonomy, and
self-determination (Jason et al., 2019).



V2025 REDDIT AS A “SAFE SPACE”

2.1 Social Support in Online Health Communities

Social support describes any process that promotes health and well-being
through social relationships and transactions (Lin et al., 2015). Several di-
mensions are commonly distinguished. House (1981) differentiated between
emotional concern, instrumental aid, information, and appraisal between peo-
ple. Cutrona and Russel (1990) expanded this model, identifying five major
dimensions: self-esteem support, emotional support, network support, tangible
support, and informational support. However, more recent studies based on
House’s (1981) and Cutrona and Russel’s (1990) framework argue that social
support can be divided into two dimensions. For example, Cutrona and Suhr
(1994) revised their prior categorization to differentiate between action-facili-
tating support, comprised of tangible and informational support, and nurturant
support, which includes emotional and network support, while esteem support
could be seen as either action-facilitating or nurturant. Further studies have
adapted this two-dimensional categorization of social support differentiating
between emotional and informational support (e.g., Andy & Andy, 2021; Lu
et al., 2021). I also chose this categorization for this study because it provides
an overarching framework for themes relevant to OHCs. Both emotional and
informational support will be examined in greater detail in the next sections.

Emotional Support
In online spaces, users often seek emotional support to reduce feelings of
isolation related to their health conditions. For example, Bastiampillai et al.
(2013) found that the well-being of depressed individuals was positively influ-
enced by social exchanges in their networks. The anonymity and accessibility
of OHCs make it easier for users to connect with peers who understand their
experiences; OHCs thus offer easier access to peer support than face-to-face
interactions (Adams, 2022). Tang et al. (2021) observed that individuals with
depression are more comfortable sharing their struggles with online commu-
nity members than with offline connections, largely due to lower perceived
self-exposure risk and the anonymity that OHCs provide. Members often
report that this emotional support positively impacts their lives beyond the
online context (Coulson et al., 2007). Users may even use these platforms to
express their personal identities, including self-critique and a perceived loss of
control over their condition (Xu & Li, 2023).

Emotional topics in OHCs frequently reflect on elements missing in users’ of-
fline lives, such as issues related to relationships with family and friends (Andy,
2021; Xu & Li, 2023), work stress (Németh et al., 2021; Xu & Li, 2023), or
academic pressure (Park et al., 2018; Sik et al., 2023). For many, these com-
munities provide a space for building a supportive network with others who
face similar issues and serve as platforms for self-expression, where they can
shape their identities in a health-focused context (Chung, 2014). Furthermore,

\'5
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emotional support has been found to enhance individuals’ coping resources and
drive their willingness to provide similar support to others (Lin et al., 2015).

However, most studies observed an overrepresentation of negative emotions in
OHCs (Van de Beek et al., 2023), which calls into question the emotional sup-
port provided in such communities. Especially in communities related to mental
health, negative emotions such as anger, death, self-harm, and even suicide are
among the topics discussed (Andy, 2021). Nonetheless, online communities can
also share positive sentiments (Kamarudin et al., 2021). Positive emotions are
easier to spread than negative ones; hence, positive messages lead to improved
well-being for users who exchange them with their peers (Park & Conway,
2017; Tang et al., 2021; Xu & Li, 2023). Language use and topics differ depend-
ing on the community and related health issues (Andy & Andy, 2021; Kamaru-
din et al., 2021). Given that depression and anxiety are connected to mainly neg-
ative emotions (Boinepelli et al., 2022), it is assumed that the topics discussed in
those communities reflect the emotional needs of users (Xu & Li, 2023).

Informational Support
OHC:s also serve as valuable resources for those seeking medical information
or advice (Chung, 2014). Health-related topics frequently drive users to online
communities for guidance on symptoms, treatment options, or coping strate-
gies. For instance, Blanc-Bisson et al. (2022) noted that 64.6% of OHC posts
sought medical advice, underscoring the high demand for informational sup-
port. This type of support often fills gaps in users’ offline access to medical pro-
fessionals and healthcare resources (Blanc-Bisson et al., 2022; Farnood et al.,
2022; Németh et al., 2021). In OHCs, people affected by health issues, includ-
ing patients and caregivers, can exchange insights, share workarounds, and find
solutions with others who have similar experiences (Ziebland & Wyke, 2012).

Informational support in OHCs varies by condition, with physical health issues
involving discussions of hospital visits, surgeries (Andy & Andy, 2021), and
long-term prognosis, such as life expectancy in heart disease (Farnood et al.,
2022). In mental health communities, the focus shifts to symptoms, medication,
and related conditions like anxiety or depression (Liu et al., 2023; Lu et al.,
2021). Sik et al. (2023) categorized such exchanges under the “medicalized self”
(p- 392) narrative, which includes subtopics such as understanding the discourse
around health, navigating medications, and managing health-related challenges.

Though the specific topics may differ, the importance of understanding lay
perspectives in OHC:s is evident across health conditions. Such insights can in-
form treatment approaches in real life, and some healthcare professionals now
use social media to connect with patients (Eghtesadi & Florea, 2020).



V2025 REDDIT AS A “SAFE SPACE” \7

2.2 Mental Health: Anxiety and Depression
as Comorbid Diseases

Anxiety and depression frequently occur as comorbid conditions and share
various symptoms and treatment needs (Abdollahyan et al., 2020; Kalin,
2020). The Diagnostic and Statistical Manual of Mental Disorders (DSM-5) is
a medical reference book on mental health conditions containing detailed defi-
nitions, a categorization of disorders, and signs and symptoms of mental dis-
orders. According to the DSM-5, anxiety and depression are often comorbid,
sharing symptoms like insomnia and fatigue, which are frequently discussed
in OHCs (Iavarone & Monreale, 2021). Anxiety is marked by persistent fear
and worry, which often lead individuals to avoid in-person interactions, a ten-
dency reflected in the use of OHCs as a coping mechanism (American Psychi-
atric Association, 2023; Hutchins et al., 2021). Although some studies point
out the benefits of online mental health communities for depressed individuals
(e.g., Luetal., 2021), higher online social engagement has been linked to
higher levels of anxiety (Hofer & Hargittai, 2021).

The strong linkage between anxiety and depression creates significant overlap
in the topics discussed by OHCs regarding mental health. While these com-
munities serve as a supportive space for individuals with depression or anxiety
to share experiences and seek advice, the conditions’ distinct symptoms are
associated with differing needs among users (AlSagri & Ykhlef, 2016). For
instance, depression discourse on Reddit often covers specific symptoms, such
as insomnia and suicidal ideation, whereas anxiety discussions may focus more
on avoidance behaviors and coping mechanisms (Guimaraes et al., 2021).

3 Method

This study utilized GTM (Glaser & Strauss, 1967; Strauss & Corbin, 1996) in
conjunction with LDA topic modeling. Grounded theory constructs a theo-
retical framework through a continuous, iterative process of data collection
and coding until theoretical saturation is achieved (Charmaz, 2006). GTM
involves three primary stages: open coding, where the data is fragmented into
initial themes; axial coding, which establishes relationships between these
themes; and selective coding, where central themes are integrated into a cohe-
sive theoretical framework.
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3.1 Reddit Data

Reddit is a free, open-access social media platform (Adams, 2022; Park &
Conway, 2017) and the ninth most visited website globally (Lindquist & West,
2023). Users can create anonymous or temporary accounts, which encourages
self-disclosure on sensitive topics like mental health (Biester et al., 2021). Orga-
nized into subject-specific subreddits (Eghtesadi & Florea, 2020), Reddit’s us-
er-driven structure allows for the assessment of group needs in an online context.
The Reddit application programming interface (API) enables the scraping of
subreddit data for targeted analysis without explicit user consent (Adams, 2022).

Subreddits on depression, anxiety, and general mental health were identified
using Python Reddit API Wrapper, scraping names and links containing the
word stems “depr,” “anxi,” and “mental.” This initial search identified 123
subreddits, which were then evaluated for inclusion based on topic relevance,
community size, regular activity, and use of English. Subreddits were exclud-
ed if they focused on unrelated or specific mental health topics (e.g., bipolar
disorder, country-specific subreddits), had fewer than 1,000 members, were
inactive, primarily picture- or external link—based, or were inaccessible at the
time of scraping. Following a manual review, 16 subreddits (five on depres-
sion, four on anxiety, and seven on broader mental health) were included in
the final sample (see Appendix A). For each subreddit, the latest 1,000 avail-
able posts before August 15, 2023, were scraped, with identifiers like user-
names and locations removed to ensure user anonymity.

3.2 Applying the Grounded Theory Methodology and
Topic Modeling

GTM was employed in tandem with LDA topic modeling (see Figure 1). LDA
served in the open coding stage as a tool for identifying frequent and distinct
themes in each community’s dataset. This approach allowed for a preliminary
structuration of topics, functioning similarly to open coding by highlighting
prominent patterns without predetermined categories. Later, axial and selec-
tive coding were applied.
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Figure 1: Process of Topic Modeling and GTM
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3.3 Topic Modeling

Text-based social media data can be analyzed using natural language process-

ing methods to identify topics in online communities (Abdollahyan et al., 2020;
Moessner et al., 2018). Topic modeling, an unsupervised bottom-up approach,
uncovers latent clusters in a text corpus by applying LDA (Moessner et al., 2018).

In the first step, the datasets were prepared for LDA analysis through several
text transformations (e.g., conversion to lowercase, removal of HTML code
and hyperlinks) and the exclusion of non-English posts (R-package: text-
clean). Tokenization was applied to break sentences into individual words,
which were then lemmatized, reducing them to their root forms. This helps
consolidate similar meanings and improves the accuracy of text analysis. A
stopword list included in the quanteda package was applied to remove com-
mon words such as “a” or “the,” and extremely common terms (appearing in
more than 50% of the corpus) and infrequent words (appearing in less than
1%) were trimmed from the corpus. This process reduces irrelevant terms and
noise, allowing the topic model to focus on meaningful words that help im-
prove the accuracy and clarity of word-topic assignments.

The titles and contents of the posts were merged into one text item and saved
as three individual corpora (depression, anxiety, and mental health) for topic
modeling analysis. The final datasets consisted of 4,879 text items for depres-
sion, 3,658 for anxiety, and 4,094 for mental health, providing a rich dataset
for text analysis (compare to other studies about Reddit: 465 Reddit comments
for Babariya et al., 2025; 19,818 posts for Li et al., 2023). While the sample

is not representative of all community members because there may be some
participants “lurking”' (Shaw, 2020), the gathered data still provides insights
into the topics that are pressing for members of mental health communities.

Three topic models were created in R using LDA (package: stm) with dif-
ferent starting values to assess semantic coherence and exclusivity. Seman-

tic coherence measures how well words in a topic appear together, whereas
exclusivity indicates how unique words are to a single topic. As the number of
topics increases, coherence tends to decrease while exclusivity rises, making
words more distinct from individual topics (Moessner et al., 2018). Ideally, the
number of topics is chosen based on the balance between semantic coherence
and exclusivity. In our case, semantic coherence scores were comparably low,
but they improved with fewer topics while the values for exclusivity remained
high overall. Furthermore, as research has shown, coherence scores have lim-
ited ability to accurately estimate the quality of topics using LDA (Laureate et
al., 2023). Considering the trade-off between semantic coherence (sc) and ex-
clusivity, it was decided to choose K = 20 (sc = -75.5, exclusivity = 9.7) topics

' Lurking describes membership in an online community without active participation (Shaw, 2020).
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for the depression model, K = 20 (sc = -80, exclusivity = 9.7) for anxiety, and
K =25 (sc =-85, exclusivity = 9.6) for mental health. Upon manual inspection
of the topic output, the results promised satisfying interpretability, and the
models were considered valid.

To assess the topics for each sub-theme, the top words for each topic were
regarded. In this case, FREX values (i.e., words that are not commonly used
within a specific topic but are also distinct, meaning they do not overlap much
with words from other topics) and Lift scores (i.e., words that are unique to a
topic while possibly less frequent) built the basis for analysis (Williams, 2017).

Figure 2: Topic Model 1 - Anxiety
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Topic 10 S . ¢, 1o . o, acimet, aivoia. Bk
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0.0% 25% 5.0% 7.5% 10.0%
v

Figure 3: Topic Model 2 - Depression
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Figure 4: Topic Model 3 - General Mental Health
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Figures 2—4 show the output for each topic model. The output visualizes the
distribution of topics based on their frequency, each bar representing a specific
topic and the percentages indicating how much each topic contributes to the
overall text data in the relevant corpus. Based on the model output, inapplica-
ble topics (i.e., topics without content) were excluded from the in-depth topic
assessment, leaving 17 topics for the depression subset (exclusion of Topics 3,
10, and 14), 18 for anxiety (exclusion of Topics 9 and 11), and 22 for broader
mental health (exclusion of Topics 5, 13, and 17). LDA helped generate initial
codes based on prominent terms and phrases in the Reddit posts, offering a
starting point for analysis by clustering words into topics, much like the open
coding stage in GTM.

3.4 Coding Process (Grounded Theory Methodology)

The study then advanced to axial coding to explore the relationships between
the identified topics, creating a structured network of themes. Axial coding
involves organizing categories around central ideas, or “axes,” which reveals
how categories interrelate. Posts that were related to the topics according

to the topic model’s output were analyzed in depth. In this phase, the topics
identified in open coding (topic modeling) were re-evaluated and examined
for connections and common themes, such as how coping mechanisms re-
late to broader experiences of mental health stigma or social isolation. This
iterative process of (1) in-depth analysis of posts, (2) revision of topics, (3)
establishment of themes, and (4) revision of topics and themes (see Figure 1)
was repeated until no further refinements of topics and themes could be drawn
from the data and saturation was reached.
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After linking topics and identifying themes, I performed selective coding, the
final stage of GTM. Selective coding involves refining and integrating themes to
distill the most significant overarching categories that answer the central research
question. Through selective coding, four broader categories emerged. These were
then assigned to either emotional or informational support based on the catego-
rization in prior research (Andy & Andy, 2021; Blanc-Bisson et al., 2022). I thus
established a connective framework of categories, themes, and topics.

4 Results

The final framework (Figures 5—7) consists of four categories identified
across the three communities: everyday life, dealing with the disease, di-
agnosis, and therapy. Each category is structured into dimensions (themes)
informed by attributes (topics). Finally, all categories are placed on a spectrum
of emotional and informational support. The following sections detail each
category and its dimensions, with comparisons across topic models. To ensure
the highest degree of user privacy, verbatim quotes are not included in the
presentation of the results.
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4.1 Everyday Life

Family was seen as both a source of support and a potential trigger for dis-
tress. Users often described family as integral to coping with mental health
challenges, with positive family interactions offering emotional reinforcement.
Conversely, negative family experiences or lack of support can lead to height-
ened feelings of isolation or avoidance. There was a shared struggle with
fulfilling family roles, where responsibilities like caregiving or maintaining
family relationships can amplify mental health symptoms.

The approach to family differed significantly between communities. In the anx-
iety community, family dynamics were frequently associated with worry and
avoidance; users expressed anxiety about family members’ well-being and fear
of loss, leading to avoidant behaviors. Furthermore, family in the anxiety con-
text was closely related to coping strategies. In one example, a user described
how his brother helped him go to the gym after years of “basically rotting in
bed.” The broader mental health community exhibited more active engagement
with family as part of the coping process, often describing it as a stable support
system but one less integral to immediate coping strategies than in the anxiety
community. The depression community tended to depict the family as a back-
ground presence, with users expressing either ambivalence or resentment, often
stemming from a perceived lack of understanding or support from family mem-
bers. However, family was not represented as a separate topic; instead, family
members were addressed in various topics without a specific function.

Overall, although family was universally significant, it appeared to take on a
more passive, sometimes detached role in the depression community, a sup-
portive yet background role in the broader mental health community, and a
more emotionally charged, anxiety-triggering role in the anxiety community.

Next to family, romantic interests were mentioned in all three communities.
However, romance had a different emphasis for depression, anxiety, and mental
health topics. In the depression community, romance was largely negatively con-
noted, with members discussing break-ups, unreciprocated love, and self-sabo-
taging behaviors. Topics included a longing for relationships paired with feel-
ings of rejection or restriction due to depression. Members frequently sought
advice, often embedding it in personal narratives filled with self-blame and

low self-esteem. In the anxiety community, self-doubt and fear of disappointing
others dominated discussions of romance. Members expressed frustration with
dating, uncertainty, and trust issues, often attributing relationship challenges to
their anxiety, which exacerbates fears and complicates relationship maintenance.
In the broader mental health community, a variety of themes connected to rela-
tionships and dating were addressed. However, romance-related topics common-
ly featured stories of trauma, including sexual assault. Narratives shifted from
initially positive experiences to darker outcomes. This theme of positive begin-
nings turning negative was a recurring motif in all three communities.
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A final dimension of everyday life in the depression, anxiety, and broader
mental health communities centered on work and education, with primari-

ly negative experiences. In all communities, financial stress was a recurring
theme and was often linked to job instability, debt, and medical bills. Members
described being trapped in cycles of working merely to cover living expenses,
which exacerbates symptoms, or unhealthy coping mechanisms such as alcohol
abuse. This financial strain affected members at various life stages, from young
adults struggling to balance part-time work with college to older members
facing job loss or employment difficulties tied to their mental health conditions.
In the anxiety community, members frequently expressed apprehension about
change, especially when starting a new job. For students, topics such as grades,
workload, and the challenge of managing employment alongside studies were
common, with some stating that anxiety had directly hindered their educational
path, leading them to consider or follow through on dropping out. The broader
mental health community, meanwhile, combined work and education issues into
a single category, reflecting similar concerns but with a less age-specific focus.

4.2 Dealing with the Disease

Although the topic of dealing with mental illness varies across the three
communities, common dimensions are coping, support, acceptance, and social
isolation. This category is the most complex as it not only comprises the most
sub-dimensions but also highly varies in terms of degree of sentiment. Posts
in the depression and mental health communities feature all sentiments (neg-
ative, neutral/accepting, positive), although the lines between negative and
accepting are often blurred. In particular, the description of everyday tasks in
the depression subset does not follow a strict narrative but varies from rou-
tines of living with depression to feeling exhausted by even small household
tasks. The mental health community struggles especially with isolation and
loneliness. The anxiety community has a more positive output as members
share approaches to avoiding negativity in handling the disease by exchanging
coping strategies and showing support.

Coping strategies appear in all three communities, though with notable dif-
ferences in focus and approach. In the depression community, coping is less
emphasized, and posts tend to revolve around negative experiences and seeking
shared understanding rather than solutions. A few members mention activities
like sports, games, or music as coping outlets, although these are not wide-

ly viewed as “solutions.” In contrast, coping is a more prominent and varied
theme in the anxiety and broader mental health communities. Members in these
communities share external (e.g., sports, music) and internal strategies. In the
anxiety community, internal strategies often focus on recognizing triggers and
managing anxiety attacks, with members seeking advice based on personal ex-
periences. Anxiety community members often turn to each other for “stress-re-
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lief” techniques aimed at actively reducing symptoms. In the mental health
community, coping strategies also include mindset shifts, routines, and utilizing
mental and cognitive resources. A unique aspect of the mental health communi-
ty is that members address the online community directly and use online trends
(e.g., creating a community holiday) as a form of communal coping. However,
avoidance as a coping mechanism — marked by a reluctance to confront issues
— is also present, carrying a more negative tone across posts.

Related to coping but adding a level of exterior motivation is the dimension of
support. Community members describe various degrees of support in all three
communities. Special emphasis is put on the notion of community in posts on
anxiety, depression, and mental health. Users share their stories on the plat-
form and ask for community advice; in particular, the depression community
addresses Reddit directly as a community, which points to an awareness of on-
line mental support. The mental health community distinguishes various forms
of support, including family, friends, and even animals. As mentioned, the
thematic category of dealing with the disease covers a spectrum of positive to
negative sentiments. However, acceptance of the mental disorder somewhat
blurs the lines. Both the anxiety and depression communities show signs of ac-
ceptance, or at least awareness, of living with a mental disorder. This attitude
of “neutral” sentiment, whereby people acknowledge their diagnosis and find
a place to talk about it, veers towards a more negative sentiment for people in
the depression community: for instance, members describe being overwhelmed
with everyday tasks such as showering or sleeping.

This negative sentiment is also apparent in the isolation dimension, which
describes individuals suffering from being isolated or feeling lonely. Espe-
cially in the depression community, individuals share their unfiltered negative
feelings of being “hopeless,” “dreadful,” or “scared”. Loneliness and isolation
are also present in the mental health community, especially in the context of
finding new connections, but members are self-critical and blame themselves
for being isolated. The theme of social isolation is not notable in the anxiety
community: the emphasis on coping in this community might indicate a differ-
ent focus for individuals dealing with anxiety.
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Diagnosis

The diagnosis category merges emotional topics with informational topics. It
includes dimensions concerning the disease itself, such as symptoms, but also
comorbidity and a special focus on suicidal ideation. Suicide is most present
in the depression community and can be divided into internal and external
emotional pressure. External factors that promote suicidal ideation are major
life events, relationships, and disputes, whereas internal emotional pressure
refers to an intrinsic death wish and active thoughts about dying or commit-
ting suicide. The language is often short and includes curse words. Posts in
the mental health community also reflect a sense of internal pressure, often
expressed as a kind of pervasive “world-weariness.” Individuals share their
internal struggle with being alive. Compared to the depression community,
members of this community focus more on passive rather than active suicidal
ideation, wishing they were dead without describing their suicidal ideation

as graphically. However, it can be assumed that some posts about suicidal
ideation had been removed from moderators and the real extent of suicidal
ideation cannot be ascertained. In contrast, suicide is not a very prominent
topic in the anxiety community. This focuses on detailed symptoms of anxiety
and shared experiences with them. Symptoms include panic attacks, intrusive
thoughts, physical manifestations (e.g., chest pain, dizziness), and trouble
sleeping. Individuals also mention confusion or seek explanations from other
members when they have not experienced some symptoms before.

The notion of intrusive thoughts also appears in mental health posts; however,
posts about intrusive thoughts particularly refer to comorbidity. This is also
the case in the depression community, where individuals commonly address
post-traumatic stress disorder, anxiety, and bipolar disorder. The notion of
comorbidity is accompanied by symptom descriptions, such as panic attacks
related to anxiety. Furthermore, people share how they struggle with their
diagnosis and living with more than one illness. Comorbidity in the anxiety
community is limited to eating disorders, but as mentioned before, the com-
munity discusses symptoms in detail, which likely includes symptoms for
concomitant diseases. Because the mental health community does not focus on
one specific mental disorder, multiple illnesses are mentioned and related to
each other. These include anxiety, social anxiety, alcoholism, eating disorders,
attention deficit and hyperactivity disorder, and bipolar disorder. Depression
does not represent a topic in itself; however, depressive symptoms are men-
tioned across the entire subset.



V2025 REDDIT AS A “SAFE SPACE” \19

4.3 Therapy

The therapy category deals with any way that individuals seek help outside
of the community or their social circle. I identified two common ways: drug-
based and non-drug-based. While the broader mental health community
describes overall treatment, including hospitalization, experiences with psy-
chiatrists, and prescriptions, the depression and anxiety communities go into
more detail and address specific contexts of drug use.

The drug-based conversation for anxiety focuses on medication that is com-
monly used to treat anxiety or depressive symptoms. In particular, prescription
drugs of the selective serotonin reuptake inhibitors class, which are common
anti-depressants, are widely mentioned. It appears that many members of the
anxiety community are also being treated for depression, although the latter is
not featured significantly in the comorbidity category. For example, one user
explained their experience with Wellbutrin, a common drug for depression

but not anxiety (WellbutrinXL, 2023). When speaking about drugs, common
themes emerge: members of both the depression and anxiety communities speak
about the side effects of specific drugs or combinations of drugs. The general
emphasis on drug use is correlated with negative emotions such as hopelessness
and exhaustion, accompanied by feelings of uncertainty. The common narrative
involves sharing personal experiences, often expanded by detailed descriptions
of their diagnosis and medication history, the problem (e.g., side effects or
missing effects), and seeking advice from the community. Individuals mention
searching for information in other ways, such as consulting their physicians or
internet research, without being able to find satisfying information or trust the
consultation. This also induced additional anxiety and uncertainty. Drug addic-
tion is also addressed, especially the abuse of highly addictive drugs like benzo-
diazepine, which are “depressants that produce sedation and hypnosis, relieve
anxiety and muscle spasms, and reduce seizures” (United States Drug Enforce-
ment Administration, 2024). However, individuals in the anxiety community
also share success stories of overcoming their benzo-addiction.

Looking at non-drug-based therapy, individuals discuss topics such as talking to
experts like therapists or physicians. However, it should be mentioned that drug-
based and non-drug-based therapies do not contradict each other. This dimension
simply adds any form of therapy that is not solely drug-reliant to the conversation.
These are especially present in the anxiety community. The topic of therapy can be
further divided into members expressing a wish or need for therapeutic interven-
tion and sharing progress in therapy. This concerns every step from searching for
a therapist and overcoming the fear of seeking help to actively going to therapy
and telling other community members about their progress. The broader mental
health community offers a special case because the topic of therapy appears with
a focus on help regarding suicidal ideation; as discussed regarding diagnoses,
suicide is a prevalent topic in OHCs. Members of the depression community have
a clear focus on drug-based therapy accompanied by psychological guidance.
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5 Discussion

This study explored the prominent topics in online mental health communi-
ties regarding depression and anxiety as well as broader mental health and
embedded them in a larger framework of online mental health conversation.
Data was drawn from the online platform Reddit, which enables individuals
from all around the world to connect to talk about specific topics in so-called
“subreddits,” granting seeming anonymity to its users. This makes Reddit an
easy-accessible OHC for analyzing user interactions and sharing behaviors.

The results showed that Reddit users engaged in an active community-driven
way: persons with similar interests and problems share personal issues in hopes
of connecting with like-minded individuals. The perceived anonymity of Red-
dit seems to foster user activity given that individuals address intimate topics,
including detailed descriptions of their medical history. This is in line with
prior research that detected that online communities offer the same value to its
members as traditional communities (Blanc-Bisson et al., 2022). In most cases,
addressing the community involved active sharing, which suggests a sense of
belonging: individuals in the communities identified with other users and shared
an understanding of their mental health conditions. Furthermore, advice-seek-
ing was predominant in all three communities. This points to the peer support
common in communities, which is also prevalent in online mental health com-
munities. However, the present research shows that people not only develop a
sense of belonging to a community but also approach the online community as
an entity: members of the community address Reddit as a “safe space” and seek
advice from both peers and the shared knowledge of the community.

The communities showed a clear topical structure, which was detected by the
topic modeling. As prior studies noted, topics in OHCs are characterized by
negative sentiment (Newell et al., 2018). However, the anxiety community in
particular involved positive topics, with a strong focus on support and coping,
and all three communities exhibited a range of positive and negative topic
sentiments. This questions prior findings that OHCs have a primarily negative
effect on mental health patients. According to emotional contagion theory,
depressive and anxious emotional states spread in online communities, mak-
ing it a precarious environment for vulnerable groups (Guillory et al., 2011).
Nonetheless, because OHCs in the mental health context are used to also
spread positive sentiment and actively seek advice with the potential intent to
improve one’s conditions, it can be assumed that positive emotions are spread
in these communities as well. This may benefit individuals who are affected
by mental health conditions and foster a more positive conversation surround-
ing mental health online.
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Prior research found that social support in OHC can be divided into emotion-
al and informational support (e.g., Andy & Andy, 2021; Blanc-Bisson et al.,
2022; Coulson et al., 2007; Lu et al., 2021). These findings resonate with the
results of this study. However, all three observed communities put a greater
emphasis on emotional topics, which contradicts prior findings (e.g., Coulson
et al., 2007). The emotional context involved topics regarding users’ every-
day lives (e.g., relationships, friends and family, job/education), dealing with
the disease (e.g., support and coping), and non-medical therapy. These issues
reflect problems that people diagnosed with mental illness face in the “real
world.” The fact that members turn to the online world points to a potential
lack of support and the persistent stigmatization of mental illness. Reddit cre-
ates a safe space for people who face mental health conditions because OHCs
offer anonymity and a judgment-free zone (Park & Conway, 2017). Infor-
mational topics revealed specific focuses in each mental health community,
especially comorbidity, symptoms, and treatment of depression and anxiety,
reflecting real-life processes of diagnosis and therapy. The anxiety and depres-
sion communities differed from the broad mental health community regarding
topic specificity and detail. The reversed topic distribution compared to ear-
lier studies might reflect the vast access to information on the internet: while
medical information is easily accessible through an online search, emotional
topics and uncertainty regarding one’s mental illness cannot be sufficiently
addressed without interaction with peers. OHCs share aspects of traditional
communities, which they transfer to the online sphere. By establishing a clear
topical focus and identification with topics addressed in the community, OHCs
set boundaries with other online spaces and create a unique platform for their
members, much like the theory of sense of community postulates (McMillan
& Chavis, 1986). Members show heightened engagement and offer consensu-
al validation (see “influence”, McMillan & Chavis, 1986) in the community.
Participating in OHCs seems to represent a rewarding exchange of resources,
and people with similar needs and values come together (see “integration

and fulfillment of needs”, McMillan & Chavis, 1986). OHCs display a high
“shared emotional connection” as members share a history of mental struggles
and take significant interpersonal and emotional risks by disclosing intimate
details, such as their medical history or even suicidal thoughts. This emphasiz-
es the value of community and how individuals outsource their questions to an
accessible online platform.

This study also tried to detect and cluster the most important topics in OHCs.
The results show an overlap in topic categorization, with the three communi-
ties addressing the four categories of everyday life, dealing with the disease,
diagnosis, and therapy. However, not only are the depression and anxiety
communities more specific compared to the broad mental health context,

but they also differ according to the condition in question. Family plays an
important role for community members, and the dichotomy of support and
conflict likely reflects the reality of many patients. The conflict dimension, in
particular, adds to the importance of the online community as compensation
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for the lack of support in the offline world. OHCs create a space for users to
connect with people who understand their condition, providing them with the
support they lack from offline contacts. This is also evident in the narratives
surrounding romantic relationships. Furthermore, OHCs enable individuals to
talk about intimate topics with the comfort of anonymity. Topics of everyday
life mainly address negative experiences and the search for advice or confir-
mation. The negativity can be traced back to the condition that most members
of the communities are experiencing and indicates that they likely bring their
real-world struggles into the online environment. Self-blame and confirma-
tion-seeking are coherent with mental health conditions given that people
who are diagnosed with a mental illness — especially depression and anxiety
— often have a more negative self-image (de Vries et al., 2018). Differences
across communities could be explained through topic focus and either specific
or broad contextualization of mental illness in the communities. Specifically,
subreddits addressing broader mental health issues cover a broader range of
mental illnesses than the depression or anxiety communities, and individuals
might feel more comfortable sharing detailed information or expect better
advice from communities directly relevant to their personal experiences than
in broader communities. At this point, it remains unclear, if advice-seeking

is actually met with advice. To investigate actual interactions among users of
OHCs, comments and other platform tools should be used to conduct further
analysis and evaluate the potential benefits of online communities.

Reddit is a platform for vivid exchange on which users rely to deal with their
diseases by sharing community values and support in an interactive way. Inter-
estingly, how users address such topics varies across the communities. The
depression community features more negative positions, whereas the anxiety
and broad mental health communities include positive sentiments and active
solution-seeking. Awareness and discussions of coping mechanisms is a fur-
ther indicator of the importance of online communities. The sense of commu-
nity gives these online communities particular relevance to individuals’ needs
to discuss their mental illness with others; in particular, awareness of Reddit as
an actual online health community points to the importance of online peer sup-
port. Additionally, the online environment offers a form of support that offline
communities can barely — if ever — offer. This includes platform features such
as sharing memes and photographs. The possibility to share online content and
follow online trends contributes to the sense of community and seems to boost
members’ moods and engagement in activities. For example, the “Caturday”
phenomenon — a portmanteau of “cat” and “Saturday” — refers to an online
trend where people share photos of their feline friends. This made-up online
holiday leverages the community spirit to spread positivity, much like a com-
munity ritual (McMillan & Chavis, 1986). The spectrum of emotions in online
communities illuminates the various layers of needs of OHC members and
gives insight into the reality of people who are confronted with mental health
issues. Notably, the isolation present in the depression and mental health
communities is especially concerning but at the same time points to the impor-
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tance of online mental health communities, which can be a promising tool for
reaching people who are isolated in real life. Observing the discussion topics
that reveal the needs of this vulnerable group can add valuable perspectives
for the treatment and outreach of mental illness.

Furthermore, online discussions of diagnosis and therapy can provide guid-
ance for the destigmatization and treatment of mental disorders. When users
discuss their experiences with drugs used to treat their conditions, the con-
tent not only mirrors everyday experiences but also offers information about
side effects and general satisfaction with the medication. The narratives

about treatment also reveal that the online community is somewhat seen as

an “online counselor.” While prior studies found that individuals who have
difficulties accessing professional help use OHCs for consultation (Blanc-Bis-
son et al., 2022; Németh et al., 2021), this study revealed that many persons
turn to online communities out of confusion or distrust towards medical and
mental health professionals. However, despite peer support’s proven posi-
tive impact on well-being, mutual learning, and health interventions, relying
on peer advice is also associated with risks (Mikolajczak-Degrauwe et al.,
2023). For example, sharing lay strategies for dealing with a mental health
condition, especially concerning suicidal ideation, may encourage imitation
and even trigger self-harming behavior (Murray & Fox, 2006). Peer advice is
often biased in favor of personal interests, mitigating actual support (Mikola-
jezak-Degrauwe et al., 2023). Because OHCs on open platforms like Reddit
lack professional moderation, peer support can lack expertise and knowledge;
as a result, the community advice may not include only correct information
and might instead increase the spread of health misinformation (Okoro et al.,
2024). If false information is left unmoderated, this could further reinforce
distrust and stigmatization regarding mental illness. Given that the OHCs
analyzed in this study address highly sensitive topics, the communities should
be regarded with utmost care. For instance, members discuss suicidal ideation;
learning about “triggers” for suicidal ideation, related events, and how people
talk about it can be useful for taking measures to prevent it.

5.1 Limitations and Future Research

Due to Reddit’s recent API restrictions, this study was limited to scraping
1,000 posts per subreddit, capturing only a short timeframe. Although a sub-
stantial dataset was collected across multiple subreddits, future research could
examine how topics in online mental health communities evolve, especially in
response to significant events, as seen during the COVID-19 pandemic (Bi-
ester et al., 2021). Further, Reddit data is public, and scraping data does not
require explicit user permission, but protecting user anonymity remains essen-
tial, particularly given the sensitive nature of mental health discussions. To en-
sure privacy and ethical standards, this article did not include verbatim quotes
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or identifiable user data such as usernames and Reddit metadata. However,
excluding this data limits insights into user demographics and overlapping
community participation, even though prior research suggests that cross-com-
munity membership does not drive topic emergence (Park et al., 2018). Most
Reddit users are male (Park & Conway, 2017), but online information-seeking
is more common among women (Shaw, 2020). Future research could there-
fore examine the demographic patterns and cultural factors that impact mental
health stigmatization in online settings (Van de Beek et al., 2023).

While LDA effectively identifies semantic structures and topics, more nu-
anced models could enhance our understanding of psycho-linguistic features
in OHCs. The data showed some inconsistencies after the pre-processing
procedures, which may have stemmed from unintended text processing. These
issues were resolved later on in the analysis, but future research should put a
stronger emphasis on consistent data processing (Debortoli et al., 2016). Fur-
ther studies could also analyze comments and user interactions to explore the
extent of emotional contagion and community support beyond posts.

To ensure ethical conduct in handling the highly sensitive topics of mental
health, the researcher was provided access to support services of the university
to address any emotional strain encountered during the analysis of the data.

6 Conclusion

This study examined the unique and overlapping themes in depression, anxiety,
and general mental health communities on Reddit, illustrating how users turn to
online health communities for both emotional support and practical health infor-
mation. The results indicate that these communities create essential spaces for
social connection, coping strategies, and the exchange of personal experiences.
Emotional and social themes were especially prominent, with each communi-
ty exhibiting a distinct focus: depression discussions leaned toward negative
self-reflection and shared struggles, anxiety conversations centered on active
coping and stress relief, and broader mental health communities addressed a
diverse array of topics, often involving trauma and online coping trends.

Extending the existing research on online communities, this study revealed that
mental health-focused OHCs operate as multifaceted platforms where users
find both emotional and social support and medical and informational guid-
ance. It built on previous research by exposing the complex thematic structure
of mental health discussions on Reddit and highlighting the significant role

of emotional support. While prior studies have underscored the informational
aspects of OHCs, our findings suggest that the social and emotional functions
of these communities may be even more impactful in mental health contexts.
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Methodologically, the use of GTM and LDA topic modeling provided a more
nuanced view of OHC dynamics, expanding the existing work on online health
communities by showing that positive exchanges can balance out the negative
experiences, potentially fostering resilience within these communities. This im-
plies that OHCs can not only be spaces for sharing challenges but also venues
for promoting positive coping strategies. By enabling users to access communi-
ty-driven support while maintaining anonymity, OHCs reduce feelings of isola-
tion and help address mental health needs in ways often unavailable offline.
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Subreddit name

Link

Subreddit description

Members

depression

depression_help

depressed

depressionregimens

depression_partners

Anxiety

Anxietyhelp

AnxietyDepression

anxiety support

mental

MentalHealthSupport

/r/depression/
/r/depression_help/

/r/depressed/

/r/depressionregimens/

/r/depression_partners/

/r/ Anxiety/

/r/Anxietyhelp/

/r/AnxietyDepression/

/r/anxiety support/

/r/mental/

/t/MentalHealthSupport/

“Peer support for anyone struggling with a depressive disorder”

“Life can be tough; we all experience difficult obstacles at
some point in our lives and to overcome them, we need
support and inspiration. r/depression_help provides a platform
for you to get the support, advice, inspiration and motivation
you need to make the best of your life with the mental illness
- depression.”

“A community for people who are depressed or suffer from
depression. If you’re depressed, feeling hopeless, or if some-
one you know suffers from depression, feel free to share your
feelings, your situation, and what’s on your mind.”
“r/depressionregimens is a community focused on the
research and discussion of treatments for depression and
anxiety. From novel/alternative substances, to established
medications. Other treatment modalities are welcome as long
as there is a clear intention towards symptom improvement,
and at least a modest attempt at being scientific. Discussion
and anecdotes are welcome!”

“This sub exists to provide a supportive place for people
whose partners are living with depression. It is a place for
commiseration, encouragement, and support. Check your
bullshit at the door”

“Discussion and support for sufferers and loved ones of any
anxiety disorder.”

“Scientific articles, YouTube videos, Blog Posts, and more
that are geared towards anxiety management and healing.
Please seek professional medical help if you are in crisis.”
“A community dedicated to providing support for those who
are coping with anxiety and depression. Whether you need a
virtual hug, some advice, or just a safe space to vent, we’ve
got your back.”

“Calming Anxiety Ju Overcomes Anxiety & Get Your Life
Back . @ “get rid of anxiety and live your life”, 2.5k members,
recent and frequent activity”

The description is not pertinent, but the posts suggest that
mental health issues are addressed.

“Adaptive support for those living with emotional and behav-
ioral problems.”

969k
87.7k

91.6k

47k

7.4k

622k

147k

51.3k

2.5k

2.1k

33.3k
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mentalhealth

/r/mentalhealth/
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“The Mental Health subreddit is the central forum to discuss, 401k
vent, support and share information about mental health,
illness and wellness.”

Subreddit name

Link

Subreddit description Members

mentalillness

HopefulMental-
Health

MentalHealthIsland

mentalhealthadvice

/r/mentalillness/

/t/HopefulMentalHealth/

/r/MentalHealthIsland/

/r/mentalhealthadvice/

“A place on reddit to discuss mental illness” 142k

“This is a HOPEFUL mental health community. Topics range 1.3k
from trauma to anxiety & depression to personality disorders

etc. Please, share your struggles and victories. Members of

this community are urged to comment only if their response
embodies empathy, kindness, & compassion. The internet is

full of uncivil comment threads. May this be a peaceful pocket

of the internet where people can seek hope as they face their

mental health struggles. Life is traumatizing enough, let’s

lighten it up here.”

“This is a Safe Place, Our little island T if you like. Come 7.6k
join our talks as a listener or speaker, whichever you choose.
They’re about ANYthing and EVERYthing mental health.

People here have seen it all, so no judgment or pressure. If

you don’t feel like talking or listening, you can always post
something in the sub! you wanna vent? maybe? Any good

Books, Resources, mental health tips and tricks ©? Share

your artwork, suggest good music, or a movie?... all is gold!
Welcome to the Island! T~

“Mental Health Advice And Support - Feeling down? We’re 1.3k
here when you need a word!”
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Appendix B: Final Topics

Topic no. Topic name Top words FREX Top words lift Gamma Percentage
Depression
1 Suicide: external emotion- suicid, today, birthday, cover, birthday, suicid, 0.01 0.92%
al pressure end, boyfriend, pressur, rant, today, pressur, boy-

rant friend

2 Coping strategies play, enjoy, game, watch,  achiev, game, hobbi, bore, 0.04 4.27%
hobbi, video, drink music, play, video

3 [excluded] i’m, i’v, don’t, can’t, it’, account, i’v, i’m, there’, 0.05 5.33%
1’11, there’ aren’t, don’t, can’t

4 Financial issues job, live, money, pay, life, battl, pay, debt, save, rent, 0.07 7.11%
fail, save money, appli

5 Educational issues school, colleg, grade, weed, bulli, school, graduat, 0.03 3.40%
class, age, old, graduat grade, colleg, class

6 Living with the disease felt, actual, mayb, made, view, diseas, beat, memori, 0.07 6.75%
rememb, quit, final rememb, must, somehow

7 Everyday tasks bed, home, hour, night, hair, asleep, shower, lay, 0.07 6.63%
room, walk, day woke, slept, bed

8 Drugs wellbutrin, med, doctor, resist, effexor, zoloft, 0.06 5.96%
mg, medic, lexapro, psy-  ketamin, sertralin, lexapro,
chiatrist wellbutrin

9 Social isolation els, sometim, better, peopl, opinion, els, annoy, some- 0.09 8.64%
anyon, sad, thing tim, anger, isol, anyon

10 [excluded] dont, im, cant, mom, dad, teenag, doesnt, dont, im, 0.04 3.86%
mother, ive cant, ive, didnt

11 Romantic adversity love, hurt, someon, care, titl, hurt, deserv, love, 0.08 7.92%
happi, heart, ever abandon, selfish, hug

12 Awareness (of mental health, mental, issu, ill, maintain, health, mental,  0.04 3.98%

illness) healthi, manag, food healthi, breakdown, chil-
dren, issu

13 Community help, post, need, advic, reddit, subreddit, help, tip, 0.06 5.98%
pleas, thank, read pleas, advic, thank

14 [excluded] he’, husband, didn’t, fair,  fair, we’r, husband, we’v, 0.02 2.33%
she’, said, we’v he’, daughter, wasn’t

15 PTSD, anxiety anxieti, na, anxious, at- warn, panic, attack, ptsd,  0.03 3.37%
tack, panic, emot, extrem  na, anxious, anxieti

16 Mirtazapin drug, effect, mirtazapin, dr, mirtazapin, supple- 0.04 4.15%
increas, pill, low, mood ment, fatigu, stimul, pill,

dopamin
17 Bipolar disorder disord, therapi, diagnos, bipolar, disord, research, 0.03 3.12%

therapist, major, research,
bipolar

session, impact, major,
diagnos
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Topic no. Topic name Top words FREX Top words lift Gamma Percentage
18 Relationship advice partner, relationship, recommend, breakup, 0.07 6.64%
togeth, support, us, told, partner, communic, dis-
communic tanc, togeth, relationship
19 Suicide: internal emotion-  fuck, tire, die, hate, kill, somewher, fuck, tire, kill,  0.07 6.53%
al pressure anymor, shit die, wanna, dead
20 Negative emotions dark, thought, hopeless, loneli, dark, dread, hope-  0.03 3.12%
yet, deep, deal, scare less, deep, urg, beyond
Anxiety
1 Internal strategies need, trigger, idea, allow, list, trigger, allow, idea, 0.02 2.01%
list, hi, help need, remind, sign
2 Fear of confrontation drive, home, car, nervous, attent, husband, you’r, 0.04 3.64%
husband, throw, gone drive, flight, exam, throw
3 Dating friend, relationship, social, view, friendship, text, 0.06 6.10%
say, peopl, text, love convers, hang, date, rela-
tionship
4 Therapy: wish mental, someon, talk, trust, mental, overcom, 0.02 1.54%
overcom, therapist, trust,  routin, someon, therapist,
health accept
5 Coping (family) mom, plan, dad, smoke, plan, weed, smoke, broth- 0.03 3.25%
parent, brother, told er, birthday, childhood,
dad
6 Drugs med, medic, take, pre- rais, wellbutrin, benzo, 0.07 6.57%
scrib, psychiatrist, mg, ssri, ssris, prozac
lexapro, effect
7 Therapy: progress start, last, ago, month, free, session, three, ago, 0.08 7.96%
two, first, sinc two, period, last
8 Panic attacks attack, panic, na, anyon, na, ground, panic, gad, 0.06 6.43%
els, tip, calm attack, tip, anyon
9 [excluded] i’m, don’t, i’v, it’, can’t, wear, i’m, don’t, that’, i’v, 0.07 6.84%
1’11, that’ haven’t, it’
10 Intrusive thoughts worri, die, thought, fear, biggest, intrus, irrat, 0.07 7.02%
someth, afraid, think strang, die, worri, afraid
11 [excluded] gonna, wish, fuck, wanna, god, dog, gonna, wanna, 0.06 6.44%
idk, scare, room skin, insid, ate
12 Eating disorder eat, thing, wors, hard, becam, food, eat, forget, 0.05 5.22%
make, food, problem wors, hard, thing
13 Stress relief disord, improv, reduc, reduc, techniqu, relief, 0.05 4.60%
relax, activ, seek, can profession, improv, seek,
medit
14 Community stori, posit, support, suc- stori, encourag, success, 0.02 2.44%

cess, encourag, set, confid

posit, sub, communiti,
engag
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Topic no. Topic name Top words FREX Top words lift Gamma Percentage

15 Work issues job, work, what’, new, what’, compani, job, des-  0.03 3.50%
break, handl, compani per, work, offic, product

16 External strategies music, cope, pleas, book,  survey, music, promot, 0.03 3.09%
studi, post, survey rule, servic, book, cope

17 Physical symptoms pain, blood, chest, heart, #x200b, ekg, neck, throat, 0.07 7.00%
test, throat, dizzi tingl, dizzi, pain

18 Sleep issues wake, night, sleep, fall, asleep, fall, wake, awak, 0.05 5.40%
morn, asleep, breath woke, slept, morn

19 Educational issues school, im, money, colleg, vent, grade, money, 0.05 5.08%
move, lost, class school, degre, class, colleg

20 Awareness (of mental life, noth, constant, live, human, forev, life, ill, 0.06 5.86%

illness) alway, ill, enjoy exist, escap, enjoy
Mental health

1 Online community fear, caturday, sorri, trou-  caturday, cat, fear, troubl,  0.01 1.13%
bl, cope, cat, meet anim, histori, sorri

2 Family (support) mother, kid, brother, mom, son, brother, wife, divorc, 0.04 3.53%
father, child, sister mother, father, kid

3 Support animals na, happi, puppi, u, dog, na, puppi, u, happi, poor,  0.02 2.37%
poor, joy dog, joy

4 Anxiety anxieti, attack, panic, sun- sunday, panic, attack, anx- 0.01 1.44%
day, next, support, famili ieti, next, support, line

5 [excluded] part, post, type, speak, intern, part, languag, en-  0.04 3.85%
may, write, reddit glish, curious, zone, warn

6 Alcoholism sleep, day, week, wake, sober, sleep, asleep, wake, 0.06 6.24%
today, night, bed day, clean, lay

7 Confrontation she’, he’, said, scream, fair, threaten, she’, argu- 0.03 3.27%
say, upset, dad ment, he’, polic, argu

8 Relationship partner, boyfriend, girl, amaz, boyfriend, sex, date, 0.03 3.44%
relationship, girlfriend, partner, girlfriend, ex
date, love

9 Eating disorder, ADHD eat, diagnos, symptom, hey, eat, symptom, diag-  0.05 5.05%
adhd, disord, depress, nos, adhd, swing, weight
mood

10 External strategies hear, voic, caus, face, oh, voic, mirror, hear, 0.02 1.95%
video, music, oh face, caus, music

11 Friends talk, friend, group, mes- discord, chat, group, talk,  0.05 4.71%
sag, play, text, ask m, messag, friend

12 Avoidance (coping) posit, avoid, becom, art, achiev, valu, engag, 0.05 5.35%
stress, suggest, lack, natur, content, avoid
difficult

13 [excluded] i’m, i’v, it’, don’t, can’t, wall, 1’m, i’v, 1’11, can’t, 0.05 4.95%

P’11, that’

it’, don’t
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Topic no. Topic name Top words FREX Top words lift Gamma Percentage

14 Intrusive thoughts rememb, memori, #x200b, #x200b, intrus, memori, 0.05 5.16%
watch, thought, intrus, movi, rememb, loud,
room watch

15 Community health, mental, communi- introduc, communiti, 0.06 6.15%
ti, ill, member, whether, health, program, link,
journey mental, welcom

16 Treatment hospit, doctor, full, med, full, withdraw, weed, pre- 0.03 3.34%
medic, addict, psychiatrist scrib, pill, hospit, doctor

17 [excluded] im, dont, fuck, man, cant, man, im, ive, dont, cant, 0.03 2.84%
ive, idk fuck, alot

18 Social isolation know, someon, anymor, number, know, someon, 0.06 5.82%
anyon, make, els, want stupid, unless, yet, deserv

19 Social anxiety peopl, hate, wrong, nice, countri, peopl, annoy, 0.06 5.75%
afraid, countri, attent nice, judg, hate, attent

20 Suicide: therapy better, suicid, therapist, fine, session, therapist, 0.04 3.94%
fine, care, need, therapi suicid, fix, ideat, better

21 Loneliness sad, cri, emot, felt, angri,  boy, sad, cri, lone, loneli, 0.04 3.51%
lone, normal realis, emot

22 Internal strategies etc, right, work, resourc, modal, discov, oppor- 0.03 2.86%
us, diagnosi, might tun, techniqu, mindset,

resourc, routin
23 Suicide: internal emotion-  die, noth, pain, world, special, death, die, dead, 0.07 6.69%
al pressure death, enjoy, tire peac, pain, world
24 Educational and work job, money, colleg, move, limit, money, afford, job,  0.05 5.19%
issues pay, school, busi career, financi, busi
25 Bipolar disorder bpd, recogn, person, recogn, bpd, massiv, led,  0.01 1.49%

chanc, alcohol, under-
stand, reach

chanc, boundari, alcohol

Date received: November 2024
Date accepted: March 2025
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